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Abstract In this study, we attempt to understand the meaning of adverbs through the features of human actions. Specifically,
the trajectories in the nonlinear latent space obtained by compressing human actions with a Gaussian process latent variable
model (GPLVM) are represented by a Gaussian process with a Spectral Mixture kernel. We also propose a multimodal topic
model in frequency space that captures the correspondence between adverbs and the multiple frequency components that make

up the trajectories in each dimension.
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£5 BETNVCBYZHEREOR—TLF> T 4.

LSTM MLP HDP-SMLDA
(GPLVM/Original) (M, =4/10) (M, = 4/10)
100 Walks 210/ 402 253 /284 89/117
AIST++ 1068 / 1794 994 /1027 320/382

5. FLHLSBRDFEE

ARIFFEE, BIEICfRb 2 H WV EWIREIG OB Y B
L, BIfEREMrEFROMREEE T /E Yy 2 ET L
HDP-SMLDA %2#£Z& L7z. ZOEFILCIEFEZ, BfEDBE
RN B 20 e RIS 207 ABRICBWT, 200 —3
NORBBERTORSAMOBTRAT 2 221ckh, HW
FVWREFAOBEORS ZHET S LI TES. FHIT,
B{E 2 BB ORBBRTORGE LTEZ S Z LT, ERICTT
BRI OBV EIF O AR L Tn 5. Rk
L CHfiZ NN 7V X BN 7 2 5EMEERLE. &5
BOFEL LT, EOIELLEFAEFHNT 2720, AT
TH-o72 b, BERT[10] Z HWTHELEZEH L CFHES 575
HBERFLTVWS., $REBELD0FEBEHL 7L —2 3 YEUIKR
ERMIRELTWVED, FEPDO =T X T 4 DT H
5, SHRA=FVLIF T4 D 270, T
MZIHRHE 2 AA D BEN DD L ER 5.
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