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Abstract The research focus in text classification has expanded from a simple topic identifi-
cation to a more challenging task, such as opinion/modality identification. For the latter, the
traditional bag-of-word representations are not sufficient, and a richer, structural representation
will be required. Accordingly, learning algorithms must be able to handle such sub-structures
observed in text. In this paper, we propose a Boosting algorithm that captures sub-structures
embedded in text. The proposal consists of i) decision stumps that use subtrees as features
and ii) Boosting algorithm in which the subtree-based decision stumps are applied as weak
learners. We also discuss a relation between our algorithm and SVM with Tree Kernel. Two
experiments on the opinion/modality classification tasks confirm that subtree features are im-
portant. Our Boosting algorithm is computationally efficient for classification tasks involving

discrete structural features.
Key words Text Classification, Semi-Structured Text, Decision Stumps, Boosting
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