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Q For those that think that all we need to "solve AGI" is to

Q "train bigger models" (eg GPT47), | recommend this
paper on causal inference in / for NLP as an antidote to

™

such naive thinking:
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e BERTDIZ 5 (Causal BERT)

L(wi; €,79) =(yi — Q(ti, Ai;Y)) < BT
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o LDAMIZE (Causal ATM, Amortized Topic Model)
L(wi;n, B,v) = —Li(B,n) < HADFH
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HEEFEER N Ground truthl:m WV E S DY)
(a) Language Modeling Helps (b) Supervision Helps
Dataset:  Reddit PeerRead Dataset:  Reddit PeerRead
(NDE) (ATT) (NDE) (ATT)
Ground truth 1.00 0.06 Ground truth 1.00 0.06
Unadjusted 1.24 0.14 Unadjusted 1.24 0.14
NN @ 1.17 0.10 BOW )@ 117 0.13
NN ¢/plugin 1.17 0.10 BOW ¢)yplugin 1.18 0.14
BERT (sup. only) ¢? 0.93 0.19 BERT ¢ -15.0 -0.25
BERT (sup. only) ¢Plusin 1.17 0.18 BERT Plugin  _14 1 -0.28
C-ATM < 1.16 0.10 LDA @ 1.20 0.07
C-ATM q)plugin 1.13 0.10 LDA q)plugin 1.20 0.09
C-BERT 7® 1.07 0.07 ATM 49 .17 0.08
C-BERT ¢)plugin 1.15 0.09 ATM q)yplugin 1.17 0.08
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SO = \
® EFFEIKT — 5 TODATT Confounding: Low Med. High
Ground truth 0.06 0.05 0.03
Unadjusted 0.08 0.15 0.16
NN /@ 0.05 0.10 0.30
NN oPlugin 0.05 0.10 0.30
C-ATM 0.07 0.10 0.32
C-ATM oPlugin 0.07 0.10 0.32
C-BERT +® 0.09 0.07 0.04
C-BERT oPlugin 0.10 0.09 0.05

e Reddit COMERIDZNE

okcupid childfree keto
Unadjusted —0.18 £ 0.01 —0.19 4+ 0.01 —0.00 £ 0.00
C-BERT @ —0.10 £ 0.04 —0.10 £ 0.04 —0.03 = 0.02
C-BERT 7jplusin —0.15+0.05 —0.16 £ 0.05 —0.01 £ 0.00
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